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Table 1. Network information (variables studied in the neural network system)
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Table 2. The Importance of Independent Variables (Factors Influencing Fire)
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Table 3. Effects of the variables on forest fire
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Table 4. The results of the formation of the error matrix
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Abstract

Several factors play an important role in the occurrence of fire in forests. So accurate prediction of the
time and place of the fire is difficult, but using the GIS, it is possible to identify points of high fire
risk. The purpose of this study was to investigate the possibility of preparing a fire hazard zonation
map for Ilam district. Socioeconomic, climatic, topographic and vegetation factors were considered as
suitable criteria for assessing the status of fire risk of these forests and were evalutaed Using satellite
imagery data, geographic information system and neural network system. According to the results, the
variable of distance from cities with a weight of 100% is the most influential variable in creating fire
and height variable with a weight of 1.5% as the least important variable in the occurrence of forest
fire in study area. Based on the results of the assessment of the accuracy of the fire hazard zonation
map using the error matrix, it was found that the produced map with a general accuracy of 73.73% is
highly true. Also, based on Kappa agreement coefficient (0.77) between the map and actual fire data, it
can be concluded that the map prepared with the actual data was highly adapted.

Keywords: Forest fire, llam, Neural network, Zagros, Zoning.
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